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_________________________________________________________________________________________ 

Abstract: Several studies have examined various variables to investigate the factors contributing to traffic accidents. This 
paper adapts the autoregressive distributed lag (ARDL) technique to examine the long-term and dynamic relationship 
between traffic accident indicators and tourism in Jordan. Three levels of accidents have been studied, including fatalities, 
severe injuries, and minor injuries, against the following independent variables: overnight visitors, same-day visitors, 
tourism income, and tourist rental cars. Monthly data has been collected, covering the period from 2012 to 2021. The 
ARDL estimates showed the presence of long-run cointegration between variables for all accident indicators. Furthermore, 
the ARDL estimates on the long and short run indicate a varying effect of the considered explanatory variables by accident 
type. The results indicate that increased tourism income has a positive effect on the risk of minor accidents in the short-
term but a negative effect on fatalities and serious accidents in the long-term. Granger causality results show a strong 
unidirectional effect of overnight visitors, single-day visitors, and tourism income on traffic accident indicators. The results 
of this study can help policymakers understand the impact of some tourism variables on traffic accidents and vice versa. 
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1. Introduction  

Tourism has always been considered a positive contribution to economic growth and sustainable development (Oh, 2005; 
UNCTAD, 2013). In analyzing tourism, most researchers have focused on the economic aspect of tourism. In Jordan, the 
tourism industry makes a substantial contribution to the Jordanian economy. According to the Minister of Tourism and 
Antiquities (‘Tourism statistics’, 2024) the tourism sector contributed 15.6 percent of Jordan's gross domestic product (GDP) 
in 2023. The Jordanian government has recently realized the crucial role that expanded tourism plays in economic 
development, and is eager to promote tourism internationally. However, the impact of tourism may extend to other sectors, 
such as traffic and safety on roads, and this can only be noticed over time. Tourism and traffic researchers have not paid 
much attention to the empirical assessment of the contributions of tourism to traffic and vice versa. 

Traffic accidents in Jordan kill between 600 and 900 people annually, with a loss of 2-3% of the country's GDP (Ghadi 
et al., 2018 a).  There is a fairly extensive literature focused on identifying the direct contributing factors of road accidents 
(Al-Masaeid et al., 2020; Eboli et al., 2020; Ghadi et al., 2020). Part of the scholarship has been directed to crash scenes and 
inspected all related conditions (i.e., vehicle, human, and road conditions) (BIN ISLAM et al., 2008; Ghadi, 2023). Other 
road safety research has investigated the special change in accident risk across geographic spaces (Ghadi et al., 2018 b, 2019 
a;  b). However, few studies have connected traffic accidents with tourism. 

Studies by Wilks et al. (1999) and Page (2009) have contributed to raising awareness of the problems that accidents can 
pose to the tourism industry.  A negative binomial regression  has been applied by Bellos et al. (2020) to investigate the effect 
of tourism on road accidents in Greece. It was noted in their research that both the tourist season and tourism as a purpose 
of travel led to an increase in road accidents, with the highest increase observed in tourist areas. However, it is usually 
possible to see the impact of tourism on traffic more clearly over time, so the time series approach is best for understanding 
such a relationship. 

The autoregressive distributed lag (ARDL) is an econometric time series technique used to determine the long-run 
cointegration between non-stationary time series. The ARDL is more robust than the conventional time series models and 
performs better for small sample sizes.  

https://crossmark.crossref.org/dialog/?doi=10.32738/JEPPM-2015-0021&amp;domain=pdf&amp;date_stamp=2025-06-30
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Plenty of scholars have adapted a variety of time series models to study and analyze the relationship between tourism 
and the economy. In Morocco, El Menyari (2021) used the autoregressive distributed lag (ARDL) to study the influence of 
international tourism on economic growth. Meanwhile, Sharif et al. (2020) applied an extension version of the ARDL, i.e., 
Quantile ARDL, to analyze the impact of CO2 emission by transportation on tourism in Malaysia. Similar research can also 
be found in the works of Borhan et al. (2016) and Kumar et al. (2020). On the other hand, time series methods have also 
been widely applied in the field of road safety. Uğuz et al. (2022) estimated the frequency of traffic accidents during the 
tourist season. The authors applied a hybrid deep learning model and the seasonal autoregressive integrated moving average 
(SARIMA) model to predict traffic accident frequencies in Antalya. Moreover, Rosselló et al. (2011) estimated the role of 
tourism in determining the number of accidents in a daily context in the Balearic Islands (Spain). Their results showed that 
15.8% of traffic accidents are caused by tourism. Psarras et al. (2024) examined the impact of curfews during the COVID-
19 pandemic and the re-opening of borders on road traffic accidents in Greece. The results revealed a decline in road traffic 
collisions during the lockdown period. 

However, no previous work has been found that connects tourism, economics, and traffic accidents using the ARDL 
model, to our knowledge. This paper uses the dynamic ARDL model proposed by Pesaran (1999) and Cho et al. (2015) and 
the Granger causality check to investigate the relationship between the traffic accident indicators (i.e., fatality, severe, and 
minor accidents) in Jordan and the following explanatory variables: number of overnight visitors, number of single-day 
visitors, tourism income, and tourism rental car numbers. The author believes that tourism, traffic safety, and economic 
growth form an interconnected cycle that we must understand. 

2. Data Description 

The data in this research were collected from several resources. The Jordan Traffic Institute (2024) provided information on 
the number of deaths, serious injuries, and minor injuries resulting from traffic accidents in Jordan. Data on tourists in Jordan 
were collected from the Jordan Ministry of Tourism and Antiquities (‘Tourism statistics’, 2024), including the number of 
overnight visitors (ONV), single-day visitors (SDV), and tourism income (TIN). Data on the number of tourist rental cars 
(TRC) were obtained from the Land Transport Regulatory Commission (‘Passenger Performance Indicators’, 2024). All of 
these data were collected monthly from 2012 to 2021. 

During the past 11 years, Jordan witnessed important events that affected tourism on the one hand and the traffic situation 
on the other. These events include the Syrian and Iraqi crises and the displacement of large numbers of those countries’ 
populations to Jordan, the global COVID-19 pandemic, and the traffic and tourism reform programs in Jordan. Therefore, 
we will study the impact of each ONV, SDV, TIN, and TRC on fatal accidents, serious injuries, and minor injuries in three 
models and compare them.  

Table 1 presents the description of the data in terms of the central tendency and the normality check. The large range of 
the data and the standard deviation confirm the variability of these factors during the study period, as also presented in Fig. 
1. The Jarque-Bera test indicates the non-normality for data on accidents causing death and minor injuries at the 95% 
confidence level. Moreover, minor injuries, ONV, TIN, and TRC present a negative skewness (left-tail). 

Table 1. Descriptive statistics 

  DEATH SEVERE_INJ MINOR_INJ ONV SDV TIN TRC 
 Mean 55 123 1211 291557 79455 239 10103 
 
Maximum 

102 245 1729 602014 244446 543.2 12982 

 
Minimum 

12 18 366 0 0 0 6466 

 Std. Dev. 15 58 224 115633 49224 95 1730 
 
Skewness 

0.294 0.094 -0.372 -0.792 0.683 -0.486 -0.472 

 Kurtosis 3.204 1.848 3.641 3.946 3.472 4.269 2.347 
 Jarque-
Bera 

1.93 6.81* 4.83 17.01* 10.43* 12.78* 6.59* 

Note: * indicates variable significance at 95% confidence level. 

3. Methodology 

There is scarce literature that mainly uses tourism characteristics to explain traffic accidents over time. However, the 
variability of traffic volume and non-commuter drivers should have an impact on traffic conditions in general and road safety 
in particular. Therefore, the impacts of ONV, SDV, TIN, and TRC on the three levels of accidents (fatality, severe injury, 
and minor injury) in Jordan are modeled and explained in this study. Applying the conventional ordinary least square 
regression in forecasting non-stationary time series may generate a spurious regression. The ARDL model helps in finding 
a genuine relationship between non-stationary time series, not through linear regression directly but by understanding the 
long- and short-run relationship between the series. The ARDL uses the F-statistic to test the existence of co-integration by 
simultaneously examining the short-run and long-run effects of the independent variables on the dependent variable. The 
deviance of cointegration at some sticky periods can be detected by the residual error correction model (ECM) and explained 
in short-run dynamics. In contrast, a long-run equilibrium is captured when the variables are convergent again at the long-
term showing by the negative ECM values.  
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The ARDL model requires all series to be stationary. Therefore, the stationarity of variables is checked by the Augmented 
Dickey-Fuller (ADF) test. The ADF test, proposed by Chatfield et al. (1977), is usually applied to check series stationarity.  
The ADF test tests the null hypothesis (𝐻଴: There is a unit root in a time series sample). However, non-stationary time series 
must be transformed into stationary by integrating the series of order k. 

0

20

40

60

80

100

120

12 13 14 15 16 17 18 19 20 21

 
(a) 

0

50

100

150

200

250

12 13 14 15 16 17 18 19 20 21

 
(b) 

0

400

800

1,200

1,600

2,000

12 13 14 15 16 17 18 19 20 21

 
(c) 

0

100,000

200,000

300,000

400,000

500,000

600,000

700,000

12 13 14 15 16 17 18 19 20 21

 
(d) 

0

50,000

100,000

150,000

200,000

250,000

12 13 14 15 16 17 18 19 20 21

 
(e) 

0

100

200

300

400

500

600

12 13 14 15 16 17 18 19 20 21

 
(f) 

6,000

8,000

10,000

12,000

14,000

12 13 14 15 16 17 18 19 20 21

 
(g) 

  

Fig. 1. The annual time series plot of (a) fatal accidents, (b) severe injuries, (c) slight injuries, (d) ONV, (e) SDV, (f) 
TIN, and (g) TVH over the monthly period from 2012 to 2021 

The order of integration, denoted by I(d), of a time series is the minimum number of lag differences required to obtain a 
covariance stationary series. For example, stationary series are integrated of order 0 denoted by I(0). If the series is non-
stationary at level but is stationary at the first lag difference, then the series is integrated at order one, I(1). There are multiple 
benefits of the ARDL as compared to other time series series models. First, this model can be applied to a small sample size. 
Second, it is useful when variables are combined in either the zero I(0) or one I(1) integration order (Anjum, 2017; Bhutto 
et al., 2019). In contrast, one limitation of this model is that it cannot be used when any of the variables are integrated at the 
second order, I(2).  

Next, ARDL model estimation can be applied. The ARDL analysis is divided into two parts. In the first part, the long-
run effect of the independent variables on the dependent variable are estimated and the cointegration is examined using the 
F-bounds test statistics. The next step is to examine the presence of a long-run cointegration between the regressor and the 
independent variables.  Rejecting the null hypothesis confirms the existence of a long-run relationship between variables. If 
a long-run cointegration is detected, the ECM is performed in the next step. The ECM is computed using the least square 
method to determine the short-run deviation in series. 

The standard ARDL model is presented in Eq. (1), based on the variables used in this study. 

∆𝑦௧ ൌ 𝛽଴ ൅ 𝛽ଵ𝑦௧ିଵ ൅ 𝛽ଶ𝑂𝑁𝑉௧ିଵ ൅ 𝛽ଷ𝑆𝐷𝑉௧ିଵ ൅ 𝛽ସ𝑇𝐼𝑁௧ିଵ ൅ 𝛽ହ𝑇𝑅𝐶௧ିଵ ൅෍𝛼ଵ∆𝑦௧ି௜
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௡ହ
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൅∈௧ 

        (1) 

where 𝑦௧ denotes the dependent variable, in our case fatal, severe, and minor accidents in three separate models. ONV, 
SDV, TIN, and TRC denote the independent variables. ∆ is the first difference operator, and 𝑛1,𝑛2, . . ,𝑛6 are the optimal 
lag order for each variable selected by Akaike’s information criterion (AIC) (Pan, 2001). Moreover, 𝛽௡ and 𝛼௡ are the long- 
and short-run coefficients, respectively. The residual error ∈௧ is assumed to be normally distributed and white noise.  
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Finally, the Engle and Granger causality test (Engle et al., 1987) is used to check the interconnection between variables 
by analyzing the directional moves or causality. Granger causality tests the short-run relationship by examining whether the 
information provided by lagged values of one variable allows for a more accurate prediction of another variable’s present 
value.  

4. Results and Discussion  

This study compares the relationship between traffic accident indicators and the tourism situation in Jordan from 2012 to 
2021. Each data series has been checked for stationarity at zero and one difference lag using the ADF, as in Table 2. Our 
findings show that three variables are stationary at the zero level (i.e., fatal accidents, minor injuries, and SDV) while the 
other variables became stationary after the first lag difference with 1%, 5%, and 10% significance levels. In other words, the 
null hypothesis (𝐻଴: the series has a unit root) is rejected for all variables at order 𝐼ሺ1ሻ without a need for second-order 
difference. Thus, all series can be applied in the ARDL model. 

Table 2. Stationary test results at the level and first difference 

Test Death Acc. Severe inj. Slight inj. ONV SDV TIN TRC 

ADF -6.78*** -1.80 -5.33*** -0.88 -1.70* -0.80 -0.23 

ADF (-1) -7.94*** -17.04*** -13.27*** -2.83** -15.86*** -2.75*** -11.73*** 

Note: The number represents the t-statistics values. ***, **, * indicate rejection of the null hypothesis of the existence of 
a unit root at the significance levels of 1%, 5%, and 10%, respectively. 

After ensuring the stationarity of the variables, the AIC  is used to determine the optimal lag length for all dependent and 
independent variables. The AIC balances model fit with model complexity to determine the most parsimonious specifications. 
Analysis of the current variables resulted in optimal lag lengths of (2,0,0,0,1), (2,0,3,0,0), and (1,2,3,1,0) for fatal, severe, 
and minor accident models, respectively. The first optimal lag number (i.e., 2) of the fatal accidents model indicates that the 
model uses the first and second lagged variables of the same dependent variable to predict the current number of fatal 
accidents. Moreover, ONV, SDV, TIN, and TRC also added 0, 0, 0, and 1 other lagged variables, respectively (ordered from 
left), to improve the model fit. The same is also applied to severe and minor injury models. Despite this, if a parameter has 
no lagged variable, it will not appear in the short-run table. 

Next, in Table 3, the bounds test estimates of the model confirm the presence of a dynamic long-run equilibrium 
relationship between variables for the three models. This is shown by the critical F-statistic values which exceeded the upper 
limit of the 1% significance level. Table 3 also presents the estimation of ARDL coefficients. The first panel of Table 3 
presents the short-run estimations. In the short run, one significant and negative lagged regressor was added to Models 1 and 
3. The negative sign indicates the positive effect of the lagged regressor on safety. Furthermore, the TIN shows a significant 
positive effect on Model 3. In other words, as tourism income in Jordan increases, minor accidents increase by 3.66 units. 
The ECM values indicate that any short-run imbalance corrects toward long-run equilibrium at a speed of 62.4%, 28.5%, 
and 36.2% per month for Models 1, 2, and 3, respectively. In the long run, tourism income and its first lag are the only 
significant variables in all models. Increasing tourism income is expected to reduce death and severe accidents by 0.20 and 
0.73 units, respectively. However, active tourism reflects the improvement in facilities and road safety in Jordan. 

Table 3. Estimates based on the ARDL model 

Variables 
Coefficients 

Death Accidents 
(Model1) 

Severe accidents 
(Model2) 

Slight accidents 
(Model3) 

Short run coefficients 

∆Regressor(-1) -0.171* - -0.281*** 

∆ONV - - -0.002 

∆ONV(-1) - - -0.001** 

∆TVH -0.001 - - 

∆SDV - 0.000 0.000 

∆SDV(-1) - 0.000 0.005*** 

∆SDV(-2) - 0.000 0.003*** 

∆TIN - - 3.656* 

Long run coefficients 

ONV 0.000 0.000 0.002 

SDV 0.000 0.000 -0.001 

TIN -0.204** -0.725*** -1.512 

TVH(-1) 0.002*** 0.002*** 0.035*** 

Diagnostic tests 
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Bound test 6.83*** 4.16** 6.06*** 

Adjusted R-squared 0.39 0.35 0.35 

ECM -0.624*** -0.285*** -0.362*** 

Table 4 presents the results of the Granger causality test between the traffic accident indicators and each of ONV, SDV, 
TIN, and TVH. The arrows in Table 4 indicate the direction of causality. The resulting coefficients show the strength of the 
unidirectional relationship between ONV, TIN to fatal and minor accidents. In other words, past values of TIN and ONV 
can be used to predict the number of deaths and minor accidents but not vice versa. Moreover, SDV appears to be significant 
in predicting severe accidents. 

Table 4. Granger causality test estimate for the ARDL model 

 ONV SDV TIN TVH 

∆ Death acc.   → 2.15** 1.19 1.96* 0.07 

∆ Death acc.   ← 0.55 0.48 0.69 0.39 

∆ Severe inj.   → 1.29 1.32 1.05 1.53 

∆ Severe inj.   ← 1.06 2.60** 0.88 0.93 

∆ Slight inj.   → 2.03** 1.07 1.84* 0.30 

∆ Slight inj.   ← 1.53 1.36 1.60 0.83 
Note: *, **, *** indicate significance levels of 10%, 5%, and 1%, respectively. 

5. Conclusion  

This paper adapts the autoregressive distributed lag (ARDL) to investigate the relationship between traffic accidents and 
tourism in Jordan in the long run and short run. Data were collected monthly from 2012 to 2021 and included overnight 
visitors, same-day visitors, tourism income, and tourist rental cars as independent variables. The impact of these variables 
on the number of fatalities, as well as severe and minor accidents, is investigated in three separate models. 

Tests of normality revealed the weakness of linearity for most variables. This can be explained by the heterogeneous 
events that Jordan witnessed during recent years. Therefore, nonlinear frameworks are suggested to better understand the 
interaction between variables. Using the ARDL estimation technique accounts for endogeneity and possible dynamics among 
the variables. The ARDL approach can be applied to a small sample size of data. Estimates of the ARDL suggest a significant 
positive impact of tourism income on minor injury–causing accidents in the short run. However, the same variable (i.e., 
tourism income) appears to also be significant but negatively affects death and severe accidents in the long run. Tourism 
revenues account for a significant percentage of Jordan's GDP, making tourism revenue a vital contributor to infrastructure 
development and the enhancement of road safety measures. These improvements ultimately foster safer travel conditions for 
both tourists and residents in the long run. Granger causality results show a strong unidirectional effect of overnight visitors, 
single-day visitors, and tourism income on traffic accident indicators. 

The results of this study can help policymakers understand the impact of some tourism variables on traffic accidents and 
vice versa. Hence, the results indicate the necessity of investing part of the tourism revenue in adopting comprehensive 
programs focused on green tourism, including providing an environment that encourages walking tourism, imposing rules 
on foreign drivers, and developing simple applications for using public transportation. However, the lack of available data 
was the major limitation of this study, so we hope that future work can address this issue. 

Author Contributions 

Maen Ghadi contributes to conceptualization, methodology, software, validation, analysis, investigation, data collection, 
draft preparation, manuscript editing, and visualization. All authors have read and agreed with the manuscript before its 
submission and publication. 

Funding 

This research received no specific financial support from any funding agency. 

Institutional Review Board Statement 

Not applicable. 

References 

 Al-Masaeid, H. R.; Bazlamit, S. M.; Al-Zedaneen, A. E.; Al-Mofleh, H. M., 2020: Impact of fasting on traffic accidents. 
Jordan Journal of Civil Engineering, 14(3). 

Anjum, N. 2017. Asymmetric Impact of Exchange Rate Changes on Stock Prices: Empirical Evidence from Germany. 
International Journal of Economics and Financial Research, 3 (11). 240–245. Retrieved from url: 
http://arpgweb.com/?ic=journal&journal=5&info=aims 

Bellos, V., Ziakopoulos, A., Yannis, G. 2020. Investigation of the effect of tourism on road crashes. Journal of 
Transportation Safety & Security, 12 (6). 782–799. doi: 10.1080/19439962.2018.1545715. 



Journal of Engineering, Project, and Production Management, 2025, 15(3), 0021 

6 

Bhutto, N. A., Chang, B. H. 2019. The effect of the global financial crisis on the asymmetric relationship between exchange 
rate and stock prices. High Frequency, 2 (3–4). 175–183. doi: 10.1002/hf2.10033. 

BIN ISLAM, M., KANITPONG, K. 2008. IDENTIFICATION OF FACTORS IN ROAD ACCIDENTS THROUGH IN-
DEPTH ACCIDENT ANALYSIS. IATSS Research, 32 (2). 58–67. doi: 10.1016/S0386-1112(14)60209-0. 

Borhan, N., Arsad, Z. 2016. Determining factors affecting tourism demand for Malaysia using ARDL modeling: A case of 
Europe countries. In: AIP Conference Proceedings, p. 050005. ISBN: 9780735414440. 

Chatfield, C., Fuller, W. A. 1977. Introduction to Statistical Time Series. Journal of the Royal Statistical Society. Series A 
(General), 140 (3). 379. doi: 10.2307/2344931. 

Cho, J. S., Kim, T., Shin, Y. 2015. Quantile cointegration in the autoregressive distributed-lag modeling framework. 
Journal of Econometrics, 188 (1). 281–300. doi: 10.1016/j.jeconom.2015.05.003. 

Eboli, L., Forciniti, C., Mazzulla, G. 2020. Factors influencing accident severity: an analysis by road accident type. 
Transportation Research Procedia, 47 . 449–456. doi: 10.1016/j.trpro.2020.03.120. 

El Menyari, Y. 2021. Effect of tourism FDI and international tourism to the economic growth in Morocco: Evidence from 
ARDL bound testing approach. Journal of Policy Research in Tourism, Leisure and Events, 13 (2). 222–242. doi: 
10.1080/19407963.2020.1771567. 

Engle, R. F., Granger, C. W. J., Grangeri, C. W. J. 1987. CO-INTEGRATION AND ERROR CORRECTION: 
REPRESENTATION, ESTIMATION, AND TESTING. Source: Econometrica Econometrica, 251–276. 

Ghadi, M., Török, Á. 2019. A comparative analysis of black spot identification methods and road accident segmentation 
methods. Accident Analysis & Prevention, 128 . 1–7. doi: 10.1016/j.aap.2019.03.002. 

Ghadi, M., Török, Á., Tánczos, K. 2018. a Integration of Probability and Clustering Based Approaches in the Field of 
Black Spot Identification. Periodica Polytechnica Civil Engineering, doi: 10.3311/PPci.11753. 

Ghadi, M., Török, Á., Tánczos, K. 2018. b Study of the Economic Cost of Road Accidents in Jordan. Periodica 
Polytechnica Transportation Engineering, 46 (3). 129–134. doi: 10.3311/PPtr.10392. 

Ghadi, Maen Q. 2023. Multilevel Analysis of Road Accident Frequency: The Impact of the Road Category. International 
Journal of Transport Development and Integration, 7 (2). 123–130. doi: 10.18280/ijtdi.070207. 

Ghadi, Maen Qaseem, Török, Á. 2019. Comparison of Different Road Segmentation Methods. PROMET - 
Traffic&Transportation, 31 (2). 163–172. doi: 10.7307/ptt.v31i2.2937. 

Ghadi, Maen Qaseem, Török, Á. 2020. Evaluation of the Impact of Spatial and Environmental Accident Factors on Severity 
Patterns of Road Segments. Periodica Polytechnica Transportation Engineering, 49 (2). 146–155. doi: 
10.3311/PPtr.14692. 

Jordan Traffic Institute 2024. Traffic Accidents in Jordan. Retrieved from https://psd.gov.jo/en-us/content/digital-statistics/ 
Kumar, N., Kumar, R. R., Kumar, R., Stauvermann, P. J. 2020. Is the tourism–growth relationship asymmetric in the Cook 

Islands? Evidence from NARDL cointegration and causality tests. Tourism Economics, 26 (4). 658–681. doi: 
10.1177/1354816619859712. 

Oh, C.-O. 2005. The contribution of tourism development to economic growth in the Korean economy. Tourism 
Management, 26 (1). 39–44. doi: 10.1016/j.tourman.2003.09.014. 

Page, S. J. 2009. Current issue in tourism: The evolution of travel medicine research: A new research agenda for tourism? 
Tourism Management, 30 (2). 149–157. doi: 10.1016/j.tourman.2008.04.011. 

Pan, W. 2001. Akaike’s Information Criterion in Generalized Estimating Equations. Biometrics. 57 (1). 120–125. doi: 
10.1111/j.0006-341X.2001.00120.x. 

Passenger Performance Indicators. (2024). Retrieved July 28, 2024, from https://www.ltrc.gov.jo/?q=ar/node/133 
Pesaran, M. H. 1999. An Autoregressive Distributed-Lag Modelling Approach to Cointegration Analysis. In: Econometrics 

and Economic Theory in the 20th Century: The Ragnar Frisch Centennial Symposium, p. 371–413. New York. 
Cambridge University Press. ISBN: 9781139052221. 

Psarras, A., Panagiotidis, T., Andronikidis, A. 2024. COVID-19, tourism and road traffic accidents: Evidence from Greece. 
Journal of Transportation Safety & Security, 16 (8). 893–913. doi: 10.1080/19439962.2023.2265312. 

Rosselló, J., Saenz-de-Miera, O. 2011. Road accidents and tourism: The case of the Balearic Islands (Spain). Accident 
Analysis & Prevention, 43 (3). 675–683. doi: 10.1016/j.aap.2010.10.011. 

Sharif, A., Afshan, S., Chrea, S., Amel, A., Khan, S. A. R. 2020. The role of tourism, transportation and globalization in 
testing environmental Kuznets curve in Malaysia: new insights from quantile ARDL approach. Environmental Science 
and Pollution Research, 27 (20). 25494–25509. doi: 10.1007/s11356-020-08782-5. 

Tourism statistics. (2024). Retrieved July 28, 2024, from https://www.mota.gov.jo/AR/List/ar_statisiics 
Uğuz, S., Büyükgökoğlan, E. 2022. A Hybrid CNN-LSTM Model for Traffic Accident Frequency Forecasting During the 

Tourist Season. Tehnicki Vjesnik - Technical Gazette, 29 (6). doi: 10.17559/TV-20220225141756. 
UNCTAD 2013. Sustainable tourism: Contribution to economic growth and sustainable development. United Nations 

Conference on Trade and Development. 
Wilks, J., Watson, B., Faulks, I. J. 1999. International tourists and road safety in Australia: developing a national research 

and management programme. Tourism Management, 20 (5). 645–654. doi: 10.1016/S0261-5177(99)00034-5. 
 



Journal of Engineering, Project, and Production Management, 2025, 15(3), 0021 

7 

 

Dr. Maen Qasem Ghadi is an Assistant Professor in the Department of Civil and Infrastructure 
Engineering, Al-Zaytoonah University of Jordan, Jordan. Maen holds a PhD in Transportation 
Engineering and Automotive Technologies from Budapest University of Technology and 
Economics, Hungary. He has qualifications and research works in transportation engineering, 
traffic safety, and data science, such as, decision analysis, time series analysis, supervised and 
unsupervised learning, and agent-based modeling. 

 


